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Abstract; In the prediction process,the disadvantage of the prediction model based on supervised learning are as follows: firstly, due to
over—dependence on the number of labeled samples in the training set, the classification accuracy is limited by the number of labeled
samples. Secondly,its prediction classification is completed once, resulting in a large number of unlabeled samples that cannot be used to
amend the prediction accuracy of the classifier, and a large amount of data information is wasted, thus affecting the classification
performance. In view of the above problems,we propose a new self—training semi-supervised classification prediction model of RVM
based on AP clustering and Renyi entropy fusion. This model can greatly reduce the influence of noise data on the prediction accuracy of
classifier by using AP clustering and Renyi entropy fusion to assign labels for unlabeled samples. The semi-supervised classifier with
optimal performance was constructed through adding the unlabeled samples with high degree of confidence to the training set and
executing the self-training iteration classification with the expanded training set. It is demonstrated that the proposed prediction model is
effective by experimenting validation on M. musculus, H. pylori and H. sapiens datasets.
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