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Multiple Features Fusion Targets Tracking Method Based on
Correlation Particle Filter

ZHANG Ru-jia, YANG Xiao-jun, WANG Hai
('School of Information Engineering,Chang’ an University,Xi’ an 710001 ,China)

Abstract; Aiming at the problem of occlusion and deformation in video target tracking, which leads to the weak robustness of single
feature target tracking,a video target tracking algorithm based on hierarchical multiple features fusion under the framework of related
particle filtering is proposed. Under the framework of the relevant particle filtering algorithm, the color features are selected as
observations for first—1level filtering. For each sampled particle, the correlation filter is used to guide the particles to the target state
distribution mode, and the proposed distribution of the particle filter is constructed. It is proposed that the distribution be sampled for im-
portance. For each particle after re—sampling, the edge feature is again selected as the observation to perform second-level filtering to
obtain a posterior probability density estimate that tracks the target state, and finally determine the precise state of the target. The
experiment shows that compared with the existing tracking algorithms, the proposed algorithm shows superior performance. It can still ac-
curately track the target under the influence of challenging factors such as occlusion, target deformation and complex background , showing
stronger robustness.
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