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Robust Crowdsource Data Analysis Method Based on Trust Model
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Abstract : Crowdsourcing is a quie popular new business model derived from the great development trend of the Internet. Enterprises
assign tasks previously performed by employees to non-specific (usually large) public volunteers in a free and voluntary manner.
However, in this process, some volunteers did not complete the task seriously. In order to cheat the commission and maximize the
benefits, they often provided false data, resulting in mixed actual and actual task result data,so the employers could not obtain high—
accuracy crowdsourcing task results. To solve this problem, after analyzing the existing crowdsourcing data analysis methods, we propose
a new crowdsourcing data analysis method. On the basis of considering the historical credibility of workers, we use voting consistency
rules to analyze some task results. The historical credibility of workers and the result data submitted in this task are combined with
Bayesian algorithm model to obtain the final accuracy information of the result data submitted by workers in this task. The experiment
shows that the workers screened by this method have higher reliability.
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