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Image Generation Based on Deep Convolution Generative
Adversarial Networks

YIN Yu-ting, XIAO Qin-kun
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Abstract . Image generation is an important part of virtual reality (VR). In order to solve the problem that traditional image generation
method needs a large number of data sets for training and the generated image contour is not clear,the deep convolutional neural network
and generation adversation network are used to realize the image generation. To ensure the authenticity and integrity of the generated
image,a variational auto—encoder is introduced in the image generation stage. The mean value and variance of the input image data are
obtained by the encoder, and the hidden variables corresponding to the image are transformed into the standard Gaussian distribution , then
the new image is generated by the generator. In the recognition stage, the deep convolutional neural network is used to train the
discriminator ,and the generated new images are input into the trained discriminator. The gradient descent method is used to calculate the
loss function and continuously optimize the overall system model. Through the training of MNIST image data set,the experiment shows
that the proposed method can generate high—quality images which cannot be distinguished from the real data with the naked eye, with
high recognition rate under different network conditions. It improves on the state of the art for generative models on MNIST.
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