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Collaborative Filtering Recommendation Algorithm for Fusion
Context Information and Kernel Density Estimation
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Abstract ; With the development of Internet information technology and the growth of network data,how to find the information that users
are interested in from the massive data and realize personalized recommendation is an important research direction at present. As a classic
method in the recommendation system, collaborative filtering algorithm is widely used in different scenes, but it still cannot solve the
problem of data sparsity,and in the calculation of similarity, it cannot take all the data into account and can only use the common data,
which seriously affects the accuracy of recommendation. Aiming at the problems above, we propose a collaborative filtering
recommendation fusing context information and kernel density estimation. The algorithm is based on the user and project their own
context information and existing user rating data for processing,based on kernel method respectively to build user and project estimation
model, fully taping the interest distribution of user and project, so as obtain more accurate similarity of user and project and reduce the
prediction error. The validation on the open data set shows that compared with the traditional collaborative filtering algorithm, the
proposed algorithm can effectively improve the accuracy of recommendation.
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