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Prediction of Collaborative Behavior of Users in Online Knowledge
Communities Based on Graph Convolutional Neural Network
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(University of Shanghai for Science & Technology, Shanghai 200093 , China)

Abstract:In an online knowledge community, the answers to questions can be viewed as collaborative behavior between multiple
responder users ( domain experts ). The collaborative behavior usually occurs on a large scale in the knowledge community. The
prediction of collaborative behavior is of great significance to the recommendation of domain experts in online social networking. Based
on the collaborative behavior between the responder users in the online knowledge community, a collaborative network is built with
domain experts as nodes and the collaborative answer relationship between them as edges. Due to the structural similarity between the
construction of collaborative behavior network and the construction of social relationship network, the collaborative behavior prediction
can be constructed as a link prediction problem in the collaborative network. By constructing a link prediction model based on graph con-
volutional neural network , the collaborative behavior of the responder users in the online knowledge community is predicted. Compared
with other classic prediction methods on the experimental verification of the “zhihu” dataset, it is found that the proposed method can
more effectively predict the collaborative behavior of the online knowledge community responder users.
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