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An Adaptive Artificial Fish Swarm Optimization Algorithm Based on
Taboo Search

CHEN Jing—jing,LIU Sheng
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Abstract; In the process of function optimization, artificial fish swarm algorithm has many problems, such as easy to fall into local
optimum, slow convergence speed and low optimization precision, an adaptive artificial fish swarm optimization algorithm based on Taboo
search is proposed. Since a larger field of view is conducive to global exploration and a smaller field of view is helpful for local
optimization , the algorithm introduces a piecewise function to adaptively adjust the field of view, which ensures that the field of view
gradually decreases in a certain range with the progress of iteration. The step size is improved by using the normal distribution function
and the distance of the fish to coordinate the balance between optimization speed and solution accuracy. In order to fit the nature of
biological foraging,a free swimming operator with a levy flight mechanism is added to the random behavior, which not only strengthens
the global search ability but also reduces the risk of random behavior causing solution degradation due. In order to improve the situation
that fish get stuck in the local extremum,the idea of Taboo search is introduced. The experiment shows that the improved algorithm has
obvious advantages in optimization.
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