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Abstract ; Artificial intelligence technology is the current research hotspot of computer science, and human—machine communication is one

of the important components of artificial intelligence technology. As one of the main methods of human-computer communication,
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speech interaction has always been a hot topic among scientists. The key of speech interaction technology is speech recognition. The

current speech recognition software is either single—function or expensive. As an emerging open source speech recognition tool , Kaldi is
gradually popular with its powerful functions and simple access channels. We describe the development of speech recognition technology ,
the basic architecture of Kaldi software and its unique advantages, the general processing flow of speech recognition , the basic structure of
multi-layer neural networks and the application of multi-layer neural networks in speech recognition. The HMM-DNN model in Kaldi

software is trained by Chinese data sets,and a complete speech recognition system can be built. This system not only shows the rich and

powerful functions of Kaldi software,but also provides a new idea for speech recognition researchers to select the right tool.
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