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Abstract ; Biometric authentication is a hotspot issue in the information security field, which has become an important technical means for
identity recognition in various fields of social security. With the rapid development of digital image acquisition technology and shooting
equipment, high dimension and high redundancy often appear in the process of biological image data acquisition. In this paper, the
biometric methods based on feature subset and feature discrimination is proposed to solve the problem of the biometric authentication data
high dimensionality and redundancy. Firstly , modified random subspace method and Fisher score method are employed to pre-rank the
feature. Then,the new feature ranking is obtained by fusing the feature selection results. Finally, sequential forward search method is
utilized to select the most significant feature subset. In order to verify its effectiveness, the proposed method is compared with the
traditional method on five classic biometric authentication databases. The experiment shows that the proposed method has high

recognition accuracy.
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