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Abstract; Aiming at the problems of low recognition rate and low robustness of existing dynamic gesture recognition tasks,a new method
for dynamic gesture recognition is proposed, which integrates trajectory features and hand-space—time features into a dual-flow network
model with adaptively assigned weights to achieve effective and accurate recognition of dynamic gestures. The depth map sequence and
color map sequence of the entire dynamic gesture are collected by Kinect,and the trajectory characteristic curve diagram and hand shape
characteristic sequence diagram of the dynamic gesture are extracted from it. Then, the 2D residual network is used to identify the
trajectory characteristic curve diagram of the dynamic gesture and obtain the trajectory information recognition result. At the same time,
the 3D dual convolutional neural network after two-modal training is used to recognize the spatiotemporal information of dynamic
gestures to obtain the recognition result of the spatiotemporal network, and then based on the recognition results of the two networks,
adaptive weight assignment is performed. The final recognition result is obtained by fusion. The experiment shows that the average rec-
ognition rate of this method on the homemade SKIG dataset is 99.52% . Compared with other methods, it has achieved higher recognition
accuracy , which shows its robustness and superiority.
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