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Measurement and Design of Horse’ s Body Size Based on Deep
Learning and Image Processing Technology
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Abstract; Taking the Yili horse as the research object,the key technologies in the measurement of horse body size are studied by image
acquisition and field survey. Based on the example segmentation technology of YOLACT ,the fast and high performance segmentation of
horse body and background is completed in MS—-COCO data set. The Canny operator of edge detection is used to extract the contour of
the segmented image. Compared with Harris corner detection algorithm of animal feature points, the method of measuring points
calibration of dynamic grid is proposed to complete the data calibration of horse scale feature points. At the same time, the length
correction problem caused by the non parallel of the horse body and the camera is partly solved. By comparing the multiple linear
regression methods of Regress and Polynomial, the data fitting and three — dimensional prediction of chest circumference and tube
circumference in horse body size data are quantified and completed. Then taking the image of two Yili horses with the pixel of 640 480
as an example,the body size measurement results are obtained. It is shown that the automatic measurement of Yili horse’ s body size
based on depth learning and image measurement technology can be effectively carried out and its error can be controlled in a small range.
As far as the measurement technology of large animal’ s body size is concerned, this study has a reference value for example.
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