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Movie Soundtrack Intelligent Question and Answer
System Based on BERT-CNN

HUANG Dong—-jin, QIN Han,GUO Hao
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Abstract ; Intelligent question answering is a quite important research hotspot in the field of natural language processing. Traditional
intelligent question answering cannot accurately understand the user’ s intention, so it cannot return accurate answers. Therefore, an
intelligent question—and—answer system based on BERT-CNN algorithm is proposed and applied to the field of movie soundtrack , which
can feedback relevant information quickly and accurately. First,the knowledge map of movie soundtrack is constructed , node entities and
relationship between entities are established,and Neo4j graph database is used to store the data. Then,entity recognition is carried out
based on rules and dictionaries, and user intention is classified by BERT —CNN classification algorithm. Finally, according to user
intention and entity , the question is transformed into the query statement of knowledge graph,and the result is returned after the query in
the database. The experiment shows that the constructed intelligent question —and —answer system oriented to the film soundtrack is
feasible. The BERT—CNN classification algorithm is adopted, with the classification accuracy as high as 91.24% , and the accurate
feedback of the questions can be obtained in real time, with the accuracy of more than 95% .
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