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Abstract; With the increasing international influence of China and the promotion of the international status of Chinese , more and more in-
ternational scholars are learning and using Chinese. The Chinese text automatic proofreading technology is helpful to deal with the text
errors involved in various fields,among which Chinese grammar error diagnosis is one of the research hotspots in Chinese computer—aided
learning. Based on this,according to the characteristics of Chinese grammar error diagnosis, after the problems existing in the existing
Chinese grammar error diagnosis methods are analyzed,a model of bidirectional long—term memory network ( BI-LSTM-ATT) and
conditional random field (CRF) is proposed based on attention mechanism for Chinese grammar error diagnosis. In this model, the jieba
is used as data preprocessing of word segmentation and POS tagging,and the Skip—gram model is used to get word vector representation
as word embedding layer of BI-LSTM-ATT to capture long—distance context information in two directions for sequence labeling of the
CRF. The experiments are carried out in the data set from NLPCC2018 TASK2, which show that the proposed model has significantly
higher accuracy, precision, recall ,and F_meature than traditional model of grammar error diagnosis.
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