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Abstract; Concerning the problems that while dealing with text classification tasks, the fixed—volume convolution kernel of CNN will

limit the extraction of complex language structure features,and max pooling operation will lose a lot of feature information at the pooling

0

layer,we use an improved fusion model of LSTM connected capsule network which uses the dynamic routing algorithm proposed by

Ell
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Sabour et al. as the internal propagation principle instead of CNN for text features extracting. The experiments are conducted to
investigate the performance of improved model by comparing with other three baseline models such as CNN, LSTM and LSTM
connected CNN. It is found that the capsule network can learn the inherent spatial relationship between the whole and the part of the
context more flexibly than the CNN using the convolution kernel. It can not only detect the fixed text features,and can detect variants of
which has the best performance compared with other baseline models.

features and their possibilities. Te improved model of LSTM connected capsule network can effectively improve the F, value to 0.932,
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