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Improved Case Reasoning Algorithm Based on Pseudo—Metric

YU Xiao-sheng,SONG Jin,REN Ming-xia, CHEN Peng
(School of Computer and Information, Three Gorges University , Yichang 443002, China)

Abstract; The similarity between cases in case—based reasoning algorithm is critical, which affects the two most important parts of case—
based reasoning : case retrieval and case reuse. There are constant research attempts to design a more reasonable metric space and improve
the key stage of algorithm by combining neural network and other techniques. In this paper, pseudo—metrics are used as the similarity
measures of the cases,and the neural network is used to fit the metric function between the cases and predict the similarity of the cases. In
the stage of case reuse,the new formulas are used to replace the previous clustering methods, which reduces the number of matching cases
in the stage of constructing matching pool,and solves the problem that the clustering method in the stage of case reuse brings premature
information quantization. In the new design,the algorithm directly outputs the prediction results and judges the classification of the target
case. Experiments verify that the accuracy of the proposed algorithm on the experimental data set is improved by 2% compared with case
inference and SVM. Compared with the case—based reasoning algorithm based on pseudo-metrics in literature [9 ] ,the average running
time is reduced to 2.4 % . It performs better in the positive and negative sample unbalanced data, thus optimizing the process of case rea-
soning.
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