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Community Detection Algorithm Based on Core Degree and Distance
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('School of Science,Hohai University , Nanjing 211100, China)

Abstract; In order to reduce the impact of the calculation of a large number of intermediate results in the community detection algorithms
on community partitioning, and to accurately detect the community division of the network and the core community of the network, we

propose a community detection algorithm based on core degree and distance which define the degree to which any node is the core of the
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community. Firstly ,based on the adjacency matrix of the complex network,the breadth—first search algorithm is applied to calculate the
betweenness in the network. The weight of each edge is determined based on betweenness,and the weighted adjacency matrix and global
distance matrix of the network are calculated. Then,the core degree and distance of the network node are calculated to determine the core
nodes and core communities. Finally,the remaining nodes are dispatched to complete the community detection. The experimental results
on the datasets Karate, Dolphins, and Football show that the proposed algorithm can well detect the community structure with high
stability. Compared with other methods, it has lower complexity, less calculation and more efficiency.
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