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Creativity of Computer Art
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computer art is prospected.

Abstract; With the rapid development of computer technology, computer technology has been widely used in the field of art, and
art. Three stages of the development of computer art is proposed including art assistant creation, art style simulation and art style creation.
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computer technology has exerted all-round influence on the production dissemination and consumption of art. Especially in recent years,
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the rapid development of artificial intelligence technology ,computer art has developed to the stage from art design tools to creating unique

artworks. However,computer generated artworks argued in its artistry. Therefore, it is necessary to discuss the development of computer

We focus on the method of artistic creation by using deep learning technology. Through analysis and discussion,computer art has some

shortcomings in emotional expression and cognition of the world, it has already had some creativity. In the end,the development trend of
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