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Abstract : With the increase of traffic data,network traffic is characterized by complexity and diversity. In order to facilitate the operation
of the site and network management, it is necessary to predict the network traffic. At present,the network traffic prediction mostly adopts
regression prediction model, Kalman filter model, neural network model and support vector machine model. Considering the
characteristics and forecasting requirements of job management system log traffic in high performance computing environment, by
analyzing the principles and disadvantages of Kalman filtering algorithm and support vector machine, we propose a parallel combination
model based on time series combined with Kalman filter and support vector machine, which is tested and analyzed. The test results show
that in the same environment,the parallel combination model based on Kalman filtering algorithm and support vector machine has less
error in predicting the flow and actual flow value compared with the single model based on Kalman filtering algorithm and support vector

machine, and the prediction results are also reliable and effective , which is more suitable for predicting the site flow.
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