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Research on Real-time User Profile System Based on Stream Computing

JIANG Hong-yu, WANG Peng ,FENG Lei
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Abstract: Under the background of the big data,we carry out the research on real-time user profile of massive data and propose a real—

time user profile system architecture based on stream computing for the problem of accuracy and real-time. Analyze the architecture of
user profile from holistic perspective. With message queue middleware Kafka, the user data from different dimensions in real time is

collected, and relatively accurate stereoscopic user profile data labeling system and user profile model are constructed through big data

analysis and machine learning techniques. Flink framework and data mining technology are used to process real —time multi—source

understanding user needs,using data to serve users and business development.

streaming data for in—depth analysis of users, mining user characteristics and needs, and then depicting accurate user portrait, so as to
provide accurate personalized information services. This architecture can accurately construct the user’ s image with high accuracy in all

directions. The results have high real — time performance and accuracy, which can realize the purpose of quickly and accurately
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