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Research on Application of Attention Mechanism in
Comment Text Emotional Analysis

SHEN Jing-bo,LI Jing—hui,SUN Li-na
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Abstract; Long short term memory (LSTM) has an excellent performance in the accuracy of text emotional classification,and can solve

the problems of gradient disappearance and gradient explosion in the process of model training based on long text sequences. In view of

the phenomenon that the traditional LSTM classification model cannot incarnate the output word’ s contribution to the classification
classification rate and accuracy.

category degree and the importance, we introduce the attention mechanism between hidden layer and output layer in long short term

memory (LSTM) variated from circulatory neural network (RNN) ,aiming to add weights to the important sentence components when

the model makes the final prediction of polarity classification and increasing the influence factors on the prediction probability of the final

classification. Experiment shows that the integration of LSTM and attention mechanism can highlight the background vector of dynamic
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changes in the model to show the importance of different input words to the output words classification, thus effectively improving the
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