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Research on Milk Production Date Recognition Based on
Improved LeNet-5
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Abstract; The date of manufacture is one of the mandatory markings on the milk packaging. The manufacturer needs to inspect the milk
during its production and check it before it can be marketed. At present,the detection of the code characters of the milk production date in
China mainly relies on human resources,and the traditional manual detection takes a long time and costs a lot. In order to solve the above
problems , based on milk image collection and computer vision related technology , we propose a milk production date character recognition
method based on improved LeNet—5. This method mainly changes the parameters such as the number and size of the characteristic maps
of the traditional LeNet—5 network , to reduce the complexity ,and improves the activation function. The ReLU function is used to replace
the original Sigmoid function,forming a new network model suitable for milk production date recognition. The experiment shows that the
improved LeNet—5 model can effectively identify the milk production date, with the recognition rate of 92. 17% . Compared with the tra-
ditional BP neural network recognition algorithm,the improved LeNet—5 has obvious advantages in improving the milk production date
recognition rate with faster recognition speed.
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