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An Improved K-medoids Algorithm for Initial Center of
Variance Optimization
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Abstract; Aiming at the disadvantages of traditional K—medoids algorithm such as sensitivity to initial value, falling into local optimal
solution easily , poor stability and the problems of variance optimization initial center K-medoids algorithm such as high time complexity
and inaccurate neighborhood radius, we propose an improved K—medoids clustering algorithm based on the initial center of variance opti-
mization. The concept of global variance is introduced in this algorithm and taken as a sample density parameters. Some smaller values
of the variance of sample set are chosen as a candidate for the initial clustering center,and the method of maximum distance product is
used to select K samples with small variance and far distance from the candidate initial clustering center set as the initial clustering center.
The algorithm gives full consideration to the dispersion and representativeness of the initial clustering center. When updating the cluster
center, the search scope is gradually expanded according to the sample density principle, which replaces the traditional random selection.
Experimental results on UCI data set show that the proposed algorithm not only effectively optimizes the selection of initial clustering
center, but also effectively improves the clustering speed and clustering effect.
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