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Abstract: Accurate segmentation of skin lesions is the key step to realize automatic analysis of skin disease images, which provides con-
venience for subsequent steps such as feature extraction and lesion classification. However, the existing methods have the problems of in-
sufficient segmentation or excessive segmentation, which usually results in the loss of skin lesions and the wrong separation of
background. Aiming at these problems, we propose a new automatic skin lesion segmentation method which consists of four steps.
Firstly , the skin image is pretreated to remove hair noise and increase the segmentation accuracy. Then the image is initially segmented by
superpixel to form a mesh image. Next the superpixels with similar colors are merged by the density clustering algorithm. Finally , mor-
phological methods are used to obtain the final segmentation results. Experiment on the dermoscope image data set published by
ISIC2018 shows that compared with other segmentation methods, the proposed algorithm is more accurate and robust in segmentation
results. In addition, it can be concluded from the segmentation index that the proposed segmentation algorithm is more perfect in edge
processing.
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