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Abstract : Speech emotion recognition is a popular direction of speech recognition. Psychology divides emotional recognition into discrete
and continuous. For discrete emotion recognition, the acoustic features commonly used are prosodic features, spectral related features, and
acoustic quality features. The recognition methods usually include KNN, SVM, HMM, etc. We propose an improved KNN algorithm
based on distance weighting ,introduce the class average distance as the weighting basis,and design a weighted voting algorithm based on
ensemble learning, which integrates the improved KNN, SVM and BPNN classification methods to improve the speech emotion
recognition rate. Experiments show that compared with traditional KNN, the recognition rate of the improved KNN algorithm is improved
on corpus of different languages, with the maximum rate of 9. 6% and stable performance result. The accuracy rate is roughly the same as
SVM and BPNN, which can be used for ensemble learning. Compared with the single recognition algorithm, the designed ensemble
learning algorithm has higher reliability, achieves better recognition effect in anger, happiness, sadness, panic and neutral emotion, and
realizes the recognition of discrete speech emotion.
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