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Research on Target Tracking Method Based on Mask and
Siamese Network
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Abstract: Aiming at the problem that the tracking accuracy decreases due to the change of the field of view during the ship target
tracking ,a real-time target tracking algorithm based on SiamMask is proposed , which combines the target segmentation strategy with the
method of full-connected Siamese neural network. In this algorithm,binary mask operation is taken as a branch of Siamese network to
realize the segmentation of the target. While acquiring the location information of the target, the appearance information of the target is
obtained, so that the loss function of the network is significantly enhanced. The traditional axis—symmetrical target tracking frame is
improved to a rotatable rectangular frame which can be adaptively adjusted according to the shape and appearance of the target.
Compared with traditional Siamese — network — based tracking algorithm SiameseNet and KCF - based tracking algorithm based on
correlation filtering , the simulation results show that the tracking accuracy of the proposed algorithm is improved by 19.5% and 24.5%
respectively ,and the running speed can reach 30 fps,which meets the requirement of accuracy and real-time for ship target tracking.
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