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A Fast Lane Line Detection Method Based on Improved
Probability Hough Transform

QIU Dong, WENG Meng, YANG Hong-tao
( School of Electrical and Electronic Engineering , Changchun University of Technology, Changchun 130012, China)

Abstract ; Lane line is an important reference for traffic safety. To improve the accuracy and timeliness of lane line detection in driverless
driving,a fast lane line detection method based on improved probabilistic Hough transform is presented. Firstly,the region of interest is
extracted from the acquired image, according to the particularity of lane line color, the ratio of three color channels is selected reasonably
to conduct gray—scale of the picture. In order to enhance the robustness of threshold processing,Otsu’ s threshold algorithm is used to
binarize the gray scale image. The Canny operator, which has a great ability to locate the edge, is chosen in this study. Then, the
algorithm is improved by putting forward four—point constraint conditions from four aspects of lane line length, angle, vehicle body and
lane width to eliminate interference lines and pseudo-lane lines. Finally,the correct lane line is fitted by linear regression method. The
experiment shows that the proposed algorithm can detect lane quickly and ensure the accuracy of lane detection. Comparing the
experimental results with other algorithms, it is proved that the real-time and accuracy of the proposed algorithm is better than other algo-
rithms.
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