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Facial Expression Recognition Based on Texture Feature Fusion

ZHANG Xue-mei, GONG Wei-bin, WU lJian-zhi, WANG Chao
(School of Information Engineering,Chang’ an University,Xi’ an 710064 ,China)

Abstract ; Local binary pattern (LBP) and Weber local descriptor (WLD) are two kinds of texture descriptors, which have strong ability
in feature extraction. In order to recognize and classify facial expressions more accurately , for these problems that LBP only considers the
difference of gray value between the center pixel and other surrounding pixels in the process of feature extraction, and WLD only
considers the relation between the intensity of excitation and the direction of gradient between the center pixel and the gray value of the
surrounding pixel,a new feature extraction algorithm is proposed, which is local binary Weber model (LBWP). Firstly,the image is pre-
processed to verify the face and clip effective expression area, and then the image is extracted with LBWP features. After feature
extraction , the facial expression is recognized and classified by SVM classifier. The algorithm is simulated on CK+ dataset and JAFFE
dataset,and the recognition rate reaches 97. 14% and 95. 77% respectively. Experimental results verify the effectiveness of LBWP in
facial expression recognition,and enrich the face image feature extraction methods.
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