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A Recaptured Speech Detection Algorithm Based on
Convolutional Neural Network

ZHAO Ya-jun, WANG Yong,ZHANG Meng-ge
( Guangdong Polytechnic Normal University , Guangzhou 510665 , China)

Abstract; The use of recaptured speech to impersonate other people’ s identity can pose a serious threat to social security. However, the
research on the detection of recaptured speech is still insufficient. The existing efforts of recapture detection mainly focus on traditional
signal processing methods of which the feature extraction algorithms are complicated and limited. Therefore, we propose a recaptured
speech detection algorithm based on convolutional neural network. This network architecture is specifically designed based on
spectrogram characteristics , which is highly consistent with the distribution of spectral features. It can allocate the training parameters to a
more reasonable place,so that more effective features can be used to train more compact parameters, thus greatly reducing the risk of
model over—fitting. In order to verify the performance and versatility of the proposed algorithm, it is tested in different scenes including
different recording equipments, recording environments and recording distances. The experiment shows that the proposed algorithm can
achieve accuracy rates higher than 99. 8% in different recording scenes. As short speech segments of 0. 2 second are used in the
experiment to obtain the results above, it is indicated that it is widely applicable in practical applications.
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