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Review on Food Safety Big Data Fusion and Classification Technology
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Abstract; Food is the basic material basis for people’ s survival and development. Food safety is not only related to the vital interests of
consumers , and even related to the steady development of the national economy and social prosperity. Food safety big data has the charac-
teristics of large data capacity,diverse sources,fast update speed,low value density but great application value. The fusion and parallel
processing of multi-source food safety big data can help people realize more value. The fusion and classification technology of food
safety big data is reviewed. Firstly,we summarize the sources and characteristics of food safety big data and the key technologies of data
processing , describe the food safety big data pretreatment process, analyze three fusion levels and key fusion technologies of big data
fusion of food safety,and introduce the parallel computing mode of food safety big data. Then,we summarize the parallel classification
algorithms and some common classification algorithms, such as naive Bayes, decision tree and neural network. Finally,we summarize and
look forward to the big data of food safety.
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