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Abstract; With the continuous improvement of people’s living standards, the number of cancer diseases is increasing ,among which lung
cancer is a serious threat to human health in the 21st century. Faced with such a large data volume in electronic medical records of lung
cancer , the serial calculation method of traditional Apriori algorithm requires frequent scanning of the database,which will consume huge
memory consumption. To this end, a method based on improved Apriori algorithm for lung cancer risk assessment factor analysis is
proposed. The Hadoop platform is used to optimize the parallel Apriori algorithm. The HBase file storage system is used to distribute dis-
tributed data and the Map Reduce framework. Finally,the execution flow and test results based on Hadoop platform and MapReduce dis-
tributed computing model are given. The experiment shows that the improved algorithm has better execution efficiency and scalability in
dealing with big data in time, and obtains the hidden rules between the disease pattern and the pathogenic factors of lung cancer, thus
verifying the improved Apriori algorithm is of great significance for assisting clinical trials to assist lung cancer.
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