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A High-dimensional Sparse Data Combination Recommendation
Algorithm Based on Deep Learning
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Abstract: In the process of detecting high—dimensional sparse data,the traditional methods are affected by high—dimensional feature per-
turbation, and the data error is large. Therefore,a high—dimensional sparse data combination recommendation algorithm based on deep
learning is proposed. The phase space reconstruction method is used to reconstruct the features of high—dimensional sparse data. Based
on the reconstructed results and the non-linear statistical sequence analysis method, the regression analysis of high-dimensional sparse
data and the reorganization of point cloud structure are carried out. On this basis,the combined features of high—dimensional sparse data
are extracted. According to the results of feature extraction,the average mutual information features of high—dimensional sparse data are
extracted by feature extraction technology. Quantity,principal component analysis of high—dimensional sparse data is combined with as-
sociation rule mining method, and similarity attribute category components of high —dimensional sparse data are mined. Finally, deep
learning method is used for self —adaptive optimization in the process of high-dimensional sparse data combination recommendation,
which realizes the combination recommendation of high—dimensional sparse data. The simulation shows that the proposed method has
better recognition ability for attribute classification and feature resolution of high—dimensional sparse data recommendation,and improves
the detection and recognition ability of data.
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