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Abstract: With the accuracy of stock trend prediction as the evaluation index, two different vectorization strategies are introduced to
capture the unstructured data characteristics of shareholders’ comments,news keywords and other text information in the light of the low
accuracy in the traditional stock data training process. Based on the positive and negative degree of lexical meaning, the objective factors
are processed,and the vectorized features are used as new nonlinear features to expand the original structural feature set. We design two
kinds of heuristic SVM classifiers from the perspective of word vectorization and sentence vectorization respectively so as to predict the
future trend of each stock as far as possible under the condition of fitting each stock and dig out the stock samples with more growth po-
tential. The experimental results of the Shanghai Stock Market data set from June to December 2018 show that compared with the word
vectorization strategy ,the SVM classifier designed by the sentence vectorization strategy can not only better predict the stock trend, but
also pick out the stock samples with potential growth more effectively.
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