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A Thematic Analysis Method of Academic Documents Based on
TF-IDF and LDA

WU Zhe, YANG Fang
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Abstract; With the development of network , topic extraction has been applied more and more widely, especially in academic literature.
Although abstracts of academic literature are short texts, their high dimensionality makes it difficult to deal with text topic models, and
their timeliness makes it easy to ignore the time factor in topic mining, resulting in uneven and unclear topic distribution. In order to solve
these problems,a topic clustering model of academic literature abstracts based on TTF-LDA ( tf-idf+latent Dirichlet allocation) is
proposed. By introducing TF-IDF feature extraction method to extract feature words from abstracts, the extraction of feature words in the
abstract can effectively reduce the input text dimension of LDA model, integrate the publication time factor of academic literature,
establish a time window,and limit the time of subject analysis of academic literature. The time weights of feature words are increased by
the publication time of documents,and the time weights of feature words are combined with the collaborative topics to guide the feature
lexicon as the influencing factors of LDA. Through experiments on data sets crawled by crawlers ,compared with standard LDA and MVC-
LDA, the chaotic degree of the model is lower when the number of topics is the same,and the distinction between topics is higher, which
is more in line with the characteristics of academic literature itself.
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