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Abstract: Deep learning method in artificial intelligence is used to automatically detect and evaluate the bone age of X-rays of wrist
bones in young children from Southwest China. A total of 2 426 cases of left wrist X—rays of 1-18 years old are collected from West
China Second Hospital of Sichuan University. The YOLOv3 framework and a small amount of data are used for calibration and training
to detect the areas needed by traditional bone age assessment methods on the X-rays,and the key areas are captured and adjusted to form
a new picture. Then the extended data set is divided into training set, verification set and test set by the caffe framework. With bone age
as a label , the models for predicting bone age of men and women are obtained by training different sex data,and the accuracy of the error
within +1 year is calculated. The best model trained by the caffe framework is selected to test the accuracy of +1 year old in the test set,
which is 81.06% for males and 85.08% for females. A simple neural network in deep learning can be used to train a small amount of
data to obtain a ideal accuracy rate of bone age evaluation, which indicates the feasibility of deep learning method in bone age evaluation
of adolescents in southwest China and the great room for improvement of accuracy after data increase and network optimization.
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