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Abstract: Knowledge graph is the display of complex domain knowledge through data mining, information processing, knowledge
measurement and graphical rendering to explain the dynamic development law of knowledge field. Knowledge graph links heterogeneous
Information together to form a relationship network and analyze the problem from the perspective of " relationship” . Knowledge graph is
widely used in intelligent search, intelligent question answering and other fields. We present an intelligent decision support framework
based on knowledge graph to solve the problems existing in traditional decision support systems. Through massive knowledge analysis
and model building technologies such as big data and knowledge graph, and combined with decision support system, the knowledge
system with relational network can be formed by enhancing the decomposition and processing of problems. At the end,a fraud telephone
intelligent decision support platform based on knowledge graph is built by combining the classical decision cases in the telecommunication
field. Compared with the traditional decision support system, the advantages of the research method proposed are that it combines the
large data processing method to improve the computational power of knowledge modeling and the efficiency of decision support, and
makes real—time processing of large—scale information data become a reality. The relational network based on knowledge graph improves
the accuracy and relevance of decision model.
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