HTENMKRSEZR

BSERRIRUUEEZAR

E A2 Y7 o s
(BZbRd X EIF R, RS /% 710121)

O ORI BRI BT M T B AR AL s . IR R B ol TR R 2 A b 2 S e AR,
VIAEAE 5 BA N R T e DA LA S R S PR B . O T ) R 4 11 T — ot T4 RS R A IR AL 3 i 7E 5
TR BARPEALSETE P B AZE R R MRNS , 2E 2RI LD TR DT R R0 5, TR Rk AT /e R AL R 2okl fuid
SR, MR ZUER B IOk — PRGNS, X Y B 55 0% P AT — 5025 S8 R (A5 58 I — 8 AN 3k 1
P E) 7 s b Tk R ER T . i %) 8 > Benchmark HEvE BR S SO0t 22 B, ek IS 0851 5 LA AR
AR FIRL T RER AR 1L, H2 R R G870 -1 W 4, WSS B bk, Wi slong e v, SO0 AR O A

KGR PRI BRI R R R R i 5
hE 422 . TP301.6 XERFRIZAD . A
doi:10.3969/j. issn. 1673-629X.2019. 12.010

NERS:1673-629X(2019) 12-0055-06

Research on Tabu Search-grey Wolf Optimization Algorithm

GUO Yu-chun,CAO Xiao-peng,HU Yuan-jiao

(School of Computer,Xi’ an University of Posts and Telecommunications, Xi’ an 710121, China)

Abstract : Grey—wolf-optimization (GWO) is a new intelligent optimization algorithm which simulates predation behavior of grew wolf.
The original grey wolf algorithm is always close to the optimal solution, so it is easy to fall into the local optimal solution with too fast
premature convergence. Aiming at these shortcomings, we propose an improved GWO based on the tabu search where the tabu list
strategy is introduced into the basic GWO. Tabu list can record several times of historical search, and the next iteration can avoid
circuitous search by searching tabu list. When the algorithm iterates for many times and cannot further obtain a better solution, another
round of tabu search is conducted for the current optimal solution, so that the algorithm can avoid returning to the historical search again
within a certain number of times,and then jump out of the local optimal. The optimization test of 8 Benchmark functions shows that the

improved GWO has stronger global search capability , faster convergence, higher precision, and better search capability compared with
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basic GWO algorithm and PSO algorithm.

Key words : grey—wolf—optimization ; tabu search;local search;local optimum
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