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Abstract:In the environment of Internet of things and cloud computing, the mining of massive scattered point cloud data is easily
disturbed by association rule items,and the fuzzy clustering of data mining is poor. In order to improve the ability of massive scattered
point cloud data mining, we present a classification and mining technique for big data based on support vector machine (SVM). The seg-

mented vector quantization coding technique is used to analyze the spatial storage structure of mass scattered point cloud data,and the in-

better and the precision of data mining is higher.

formation fusion processing of mass scattered point cloud data is carried out by combining the detection method of closed frequent
method, the dimensionality of the massive scattered point cloud data is reduced, and the classification mining of the massive scattered
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itemsets. Semantic feature analysis and association rule feature extraction are carried out for high —dimensional fusion data. Support
Key words: massive scattered point cloud data;mining;fuzzy clustering ; feature extraction

vector machine classifier is used to recognize the association rules of massive scattered point cloud data. Based on the scale decomposition
=

point cloud data is realized by using the fuzzy clustering method. The simulation shows that the clustering performance of this method is
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