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Abstract ; Artificial intelligence is divided into two research directions; perception and cognition. Recently, with the rapid development of

big data technology and machine learning technology represented by deep learning, artificial intelligence has progressed rapidly in the per-
ception. However, it is still limited to develop cognitive intelligence , especially in natural language understanding. Compared to rich ex-

perience of language and language knowledge reserves, it is difficult to generate true intelligence by relying solely on data—driven deep
semantic analysis.

learning. In order to have a breakthrough of deep learning,the combination of theory and technology of semantic analysis and the deep

learning model must be promoted. Therefore, it is rewarding to do a research on Chinese semantic analysis theory and technology.

0 51 &

Semantic information can be selected from a large amount of information in Chinese semantic analysis, which provides intelligent
A

knowledge services. Based on the current mainstream Chinese semantic system and the construction of its semantic knowledge base, we
mainly focus on the introduction of the research progress in Chinese semantic automatic analysis method and the application of Chinese

semantic information in the deep learning model, which will provide an outlook of the developments and situations in future Chinese
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