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A Genetic K-Means Clustering Method Combined with Simulated
Annealing Algorithm

LING Jing ,JIANG Ling-yun,ZHAO Ying
(School of Telecommunications & Information Engineering , Nanjing University of Posts and

Telecommunications , Nanjing 210003 , China)

Abstract: K—Means algorithm is one of the most classical division—based clustering methods. In the traditional K—Means algorithm , there
are obvious flaws like strong dependence on the initial clustering center and the clustering result is easy to fall into the local optimal
value. The improved K—Means clustering method based on genetic algorithm improves the stability of clustering results. However, due to
the insufficient diversity of individuals, prematurity and other phenomena often occur, and its local optimization is weak. For this, we
present a genetic K—Means clustering method combined with simulated annealing algorithm. The simulated annealing algorithm is used to
improve the mutation operation of genetic algorithm, the classical K—Means operation is used to replace the crossover operation of the
genetic algorithm,so as to improve the premature phenomenon,avoid the clustering result falling into the local optimal ,and improve the

performance of the clustering method. The experiment shows that the clustering accuracy of the proposed method is higher than that of
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the general K—Means method and the genetic K-Means method.
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