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A Method of Face Detection and Automatic Tracking Based on
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Abstract; The present status of face detection and tracking is briefly introduced. It is found that the traditional MDP ( Markov decision
processes) tracking algorithm needs to be initialized manually , which is not conducive to the flexible use of the actual scene. Therefore,
we propose an algorithm based on Viola—Jones algorithm and improved MDP automatic tracking algorithm. First,the Haar-like features
of human faces are extracted from video sequences, and a strong classifier is constructed by using AdaBoost algorithm. The strong
classifiers are combined by cascade method to improve the rate of face detection. Second, MDP tracking algorithm divides the online
multi—target tracking problem into decision. An MDP model is established for each face target and initialized with the output of the VJ
detector. The appearance and disappearance of human faces is regarded as state transition in MDP model. In the process of tracking,
optical flow method combined with Kalman motion estimation is used to improve the accuracy and robustness of face tracking and reduce
the ID switches. In this process,the VJ detector is also used as a monitoring index to correlate with the output of the tracker. Finally,ex-
periment shows that the proposed algorithm can detect and track human faces stably in the scene,and its speed can meet the application
requirements.
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