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Abstract : Speech recognition is one of the key technologies for human-computer interaction. When the speech signal is in a narrow envi-
ronment , the overlapping of the delayed and attenuated signal and the source signal will cause the reverberation, which will lead to signal
distortion and speech clarity reduction. In order to improve the performance of speech recognition system,we propose a method of using
convolution homomorphic filter to remove reverberation with the hidden Markov model to model the time—series voice. The hidden
Markov model is a probabilistic model widely used in speech recognition to describe the statistical characteristics of stochastic processes.
In this paper, we use the forward—backward algorithm to reduce the computational complexity , Baum—Welch algorithm to revaluate model
parameters and Viterbi algorithm to find an optimal speech recognition results. Experiment shows that in a noiseless environment, the
method proposed has high reliability in the recognition of normal speech,realizes the speech recognition of short words of non-specific
person and can effectively solve the problem of voice reverberation. Compared with the untreated reverberation speech, the recognition
accuracy rate is improved by 4% ~5% ,achieving the speech recognition under reverberation environment.
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