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Data Fusion Method Based on Independent Region Division and
Compressed Sensing
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Abstract ; Data fusion is to synthesize the information in the sensor according to certain criteria, so as to obtain a consistent description of
the target. Compressed sensing ( CS) technology can use less data and appropriate reconstruction methods to get more accurate original
signals. Traditional data fusion methods cannot effectively and accurately process massive amounts of data, resulting in unsatisfactory
fusion effect. In order to improve the efficiency and effect of data fusion,a data fusion method based on independent data region division
and compression sensing is proposed according to compression sensing theory. The method uses the CS theory to sample the data to
obtain the measured values, and divides the sample data by independent data region partitioning and load balancing method to form a joint
region. The mutual information fusion weight coefficient is calculated ,and the fused data is obtained according to the compressed sensing

coefficient reconstruction method. The simulation shows that compared with the traditional data fusion method,the proposed method has

better stability and fusion effect.
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