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Abstract: This topic aims to identify and track the information flow formed by natural language. Its purpose is to identify the new topics
in the network public opinion and to realize the tracking research of the existing topics. The soft clustering algorithm based on compatible
quotient space granularity realizes the recognition and tracking of topics, which is the key technology of public opinion analysis. The
topic identification and tracking adopts the soft clustering algorithm. According to the principle of compatible relationship, the distance

function is calculated to make the topic present a certain hierarchical structure. Then the compatible membership function is used to
confirm the topic of the boundary text, and the corpus indicating the annotation information is formed. At the same time, based on
Ontology sentiment classification , the semantic similarity in emotional vocabulary is calculated, the tendency weight of target emotional
vocabulary is calculated, and the topic recognition and tracking model based on granular quotient space is established to effectively
=]

promote the research of topic orientation. Finally, the identification and tracking of online public opinion topics is realized to provide
guidance for relevant departments to supervise network public opinion and master the direction of public opinion.
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