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Path Planning of Inventory Robot Based on Improved
Ant Colony Algorithm

MA Jin—-ke , WANG Zhi
( School of Computing,Jiangsu University of Science and Technology ,Zhenjiang 212003, China)

Abstract ; Aiming at the problem of poor real-time and stability of path planning in inventory process of inventory robots, we propose an
improved ant colony algorithm based on traditional ant colony algorithm. It includes three—point optimization. The first is to propose an
adaptive volatilization coefficient setting method which sets a small volatilization coefficient in the early stage to reduce mutual attraction
between the ants,and in the later stage,sets a large volatilization coefficient to improve the convergence speed. The second is to adjust
the initial concentration on each path to increase the pheromone concentration near the start and end points. This can greatly improve the
speed of the prophase search. The third is the global pheromone update,the length of the path by a single iteration, the pheromone con-
centration is enhanced on the shorter path,and the pheromone concentration is reduced on the longer path. The research shows that when
these three optimizations are made to the traditional algorithm ,the improved algorithm not only converges faster and more efficiently, but
also finds better and more stable paths. The simulation experiment proves that the improved algorithm has a faster convergence speed on
the traveling salesman problem,and can avoid falling into the local optimal solution and get the global optimal route.
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