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Human Action Recognition Based on Feature Fusion of
SIFT and HOG

HAN Xin-xin, YE Qi-ling

(School of Communication Engineering, Nanjing University of Posts and Telecommunications, Nanjing 210003 , China)

Abstract: Action recognition is a core task of video analysis, and the extraction and selection of behavior features directly affect the
recognition effect. In view of the problem of bad recognition effect for single feature caused by human appearance ,environment, camera
settings and other factors, we propose a action recognition method which respectively extracts scale—invariant feature transform ( SIFT)
and direction gradient histogram (HOG) and fuse them,and then adopts support vector machine (SVM) for feature classification. Based
on research on Matlab human action recognition and detection, the validity of the algorithm is verified by KTH and Weizmann human
behavior libraries. Experiment shows that the recognition rate of the algorithm in human action recognition can reach more than 90% ,
which is more efficient than above two features alone or other traditional descriptors,and can better adapt to the change of external factors
such as illumination and get better recognition rate.
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