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Image Segmentation Method of Sunflower Leaf Disease Image

LI Yan-xue,LYU Fang
(School of Information, Inner Mongolia University of Technology , Hohhot 010000, China)

Abstract:In order to effectively improve the yield of sunflower, besides mastering the sunflower cultivation techniques, researching a
image recognition which can simulate people beyond the visual function has become a key to the research of image processing. In order
to accurately identify the disease image of sunflower leaves, a higher resolution camera is required to collect in natural light when
collecting. Then,image pretreatment and spot segmentation are needed to achieve high recognition rate of disease. Image preprocessing
part using smoothing filter to mania and strengthen, choose the appropriate template to achieve well treatment effect. After the
pretreatment of image segmentation,in the segmentation of disease spots, K—means clustering method is used to compare the DBSCAN
algorithm,and finally DBSCAN algorithm is selected for segmentation. The DBSCAN algorithm is to improve the sensitivity and
dependence of K—-means clustering algorithm and results on the initial clustering center,aiming at the problem of randomly selecting the
initial clustering center. Its main purpose is to clearly segment the disease spots.
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