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A Moving Object Tracking Algorithm of Random Forest Based on
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Abstract; In the process of moving object detection and tracking,in actual scenarios where there usually exists complex environmental
factors including object rotation, occlusion and illumination and so on, the performance of the object detection and tracking is easily
affected by these complicated environmental factors, even they lead to the occurrence of the losses of object tracking. In order to improve
the robustness and stability of moving object tracking under complex environment, we propose a random forest for moving object tracking

algorithm based on features cascade. The ASIFT features of the moving object with retaining key information are cascaded with object

contour information as positive sample set. Random forest which can be used to classify the features of the subsequent sequence images is

—_

realized through training the positive sample set. On the basis of cascading features, the features of non-—object in the object search
window determined by CamShift algorithm are taken as negative sample set,and the performance of feature classification is improved by
=

training negative sample set which is used to update random forest. The centroid of the object search window is calculated by weight—

based positive and negative sample sets to improve the tracking performance. The experiment indicates that the algorithm can effectively
realize moving object tracking under complex environment such as illumination fluctuation, occlusion and object rotation.
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