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Shortest Augmented Chain Improvement Algorithm for
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Abstract; BA ( Barabasi—Albert) scale—free network is a common network in reality. In this network , there exists multiple paths between

any two nodes in high possibility. If the Ford—Fulkerson algorithm is used to find the augmented chain, the efficiency is not high and the

steps are complicated. At the same time,in the context of the big data, with the increase of network scale,improving algorithm efficiency

becomes the key to solve the problem of maximum flow in large—scale networks. In order to improve the above shortcomings,based on

the shortest augmented chain algorithm , we make some improvements and propose an improved shortest augmented chain algorithm. The
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arcs that have no effect in the original network are deleted ; the saturated arcs that are deleted in the original network are correspondingly
Key words: maximum flow ; shortest augmented chain ;residual network ;layered residual network ; BA scale—free network

deleted from the layered residual network , which reduces the complexity of constructing the residual remaining network and the layered re-
shortest augmented chain algorithm.
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sidual network and optimizes the shortest augmented chain algorithm. The experiment shows that the results of the new algorithm is the

same as that of the shortest augmented chain algorithm in BA scale—free network,and the operation efficiency is higher than that of the
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