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Application of Improved K-means Algorithm in Text Mining
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Abstract; The K—-means algorithm is simple and easy to understand, widely used in the clustering process. However, the initial cluster
centers are randomly determined , which can easily lead to poor stability of the clustering results. In view of the sensitivity of the tradition-
al K—means algorithm to the selection of the initial clustering center and the shortcoming of the maximum and minimum distance method
in the selection of discrete points,we propose a new evaluation function for the selection of the clustering center. The function value of
each point is examined successively ,and the point with the largest current function value is selected as the new clustering center until the
predetermined number of clustering centers is satisfied. The new clustering center evaluation function can not only ensure the compactness
around the new center point,but also keep it away from other centers. In the last,the improved algorithm is applied to text clustering, and
its clustering quality is measured according to the accuracy rate,recall rate and F metric. The experiment shows that the proposed algo-
rithm has higher accuracy, better clustering quality , which is more suitable for text clustering than the traditional algorithm and the maxi-
mum and minimum distance algorithm.
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