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An Improved Illumination Approach in Deep Face Recognition

HE Hui, CHEN Si-jia, HUANG Jing
(School of Information Technology,Beijing Normal University ,Zhuhai,Zhuhai 519087 ,China)

Abstract It has always been a difficult problem to eliminate the adverse effects of varying illumination in face recognition. Different from
existed machine learning models, the structure of deep learning model is similar to that of human visual nerve. This makes the model
show better recognition effect, but also makes it difficult to explain, so that the previous face illumination pretreatment method is no longer
reliable. Therefore,considering the convolutional neural network owning characteristics of biological visual nerve,on the basis of multi—
scale Retinex with color restoration (MSRCR) ,combining contrast enhancement processing , we propose a Retinex enhancement method
to improve the error identification problem caused by uneven illumination in face recognition model based on deep learning. And com-

pared with the methods based on subspace statistics,illumination invariant representation and histogram equalization , the results show that

this method is more effective than other methods,and can significantly improve the recognition rate of the deep learning model.
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